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I. Introduction  
 
1. The Glossary of Terms on Statistical Data Editing is a repository of terms related to statistical 
data editing. It contains definitions of concepts, principles, methods, techniques, and a few computer 
systems. It is a product of collaborative work among participants of the Work Sessions on Statistical Data 
Editing, which has grown since its inception in the late 1990s. 
 
2. In the 2009 UNECE Work Session on Statistical Data Editing, participants recognised the need to 
review and update the Glossary to ensure it remains relevant to the current state and the future world of 
editing. Statistics NZ agreed to undertake the review, since it was then developing its methodological 
standards and guidelines for editing and imputation. The review of the Glossary would be a good 
opportunity for Statistics New Zealand to ensure standard terms related to editing and imputation were 
used in developing its standards. The standards were developed, but due to other priorities the Glossary 
review was put on hold until early 2012. 
 
3.  In 2011, the Statistical Network’s project Opportunity: Industrialization of Editing recognised the 
need for a glossary of key concepts for editing. The Australian Bureau of Statistics (ABS) led this task 
and drafted a glossary to “describe the fundamental concepts in Editing through the creation of key terms 
and related definitions”. The motivation was to provide a common ‘language’ for the Statistical Network 
to describe the key domains of statistical methodology, production processes, and systems and tools. The 
glossary was “one element of the broader project to ensure standardization of Editing, and to promote 
Editing and data validation choices that lead to efficient and effective strategies and systems” (Australian 
Bureau of Statistics, 2012). 
 
4. Work between the review of the UNECE Glossary of Terms on Statistical Data Editing and the 
drafting of the ABS’s glossary of key concepts was coordinated, to ensure a common glossary is 
maintained across statistical organisations. This paper presents the results of work done to arrive at a 
common glossary, and includes its objectives, principles, the processes used, and recommendations for 
the future. 
 
5. Section II of this paper provides a brief history of the Glossary and Section III discusses its 
present state. Section IV presents the review work undertaken by Statistics NZ, including some 
collaborative work undertaken with the ABS. Recommendations to improve the Glossary, and 
expectations from participants of the Work Session on Statistical Data Editing, are given in Section V.  
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II. History of the Glossary 
 
6. A review of the Glossary would not be complete without knowledge of the history of its 
development and the moving factors behind its development. The information that follows in this section 
was provided by Claude Poirier of Statistics Canada. 
 
A. The Glossary in the making 
 
7. The glossary was initiated in the late 1990s. At the October 1997 UNECE Work Session on 
Statistical Data Editing in Prague, the participants recognised the need for a Glossary. The principal 
concern of participants then was the confusion around editing and imputation terms and concepts. This 
problem was further compounded as new approaches to editing evolved. The main objective of the 
Glossary was to standardise editing terms and concepts across national statistical organisations. 
Standardised terminology facilitates meaningful discussion and sharing of knowledge and experiences 
among countries.  
 
8. Dania Ferguson from the US National Agricultural Statistics Service initiated the work, and 
William E. Winkler from the US Census Bureau completed it, with valuable input from John Kovar, 
Leopold Granquist, Svein Nordbotten, Jelke Bethlehem, Giulio Barcaroli, who are all regular participants 
of the work sessions. Winkler presented the work-in-progress document at the June 1999 Work Session 
on Statistical Data Editing in Rome. At that time, Winkler flagged several definitions as incomplete or 
unsatisfactory. He tried to drive the floor discussion around these but with no real success.  

 
9. Because of the lack of discussion among the participants in the May 1999 Work Session, they 
were encouraged to continue discussions and make contributions towards improving the Glossary 
through email. The renowned names in the editing community succeeded in beefing up what was felt to 
be an incomplete Glossary. The first official Glossary was released in 2000, after the endorsement of the 
Conference of European Statisticians. It was then packaged ‘as is’ and released in a compact disc in 2006 
with the documents Statistical Data Editing Volumes I, II, III. The latter are consolidations of technical 
papers on editing.  

 
B. Progressing the Glossary 
 
10. Since its initial inception, Claude Poirier, with the help of Leopold Granquist, expanded the 
Glossary – mainly by adding examples within terms that didn’t have any, and including definitions and 
functional descriptions of computer systems, which included GEIS, SOLAS, CANCEIS, StEPS, and 
CherryPi. The Glossary was enhanced with the introduction of clickable links between all the terms. 
These could be linked together to give a wiki look and the desired dynamism.  

 
11. The Glossary was packaged with other information – technical papers, and system evaluations 
that Claude Poirier had conducted. Knowledge-Base (K-Base) was then born and presented at the 
October 2000 Work Session on Statistical Data Editing in Cardiff. The biggest fans of K-Base were Svein 
Nordbotten, John Charlton, Leopold Granquist, William E Winkler, and John Kovar. At that time they 
agreed to join the K-Base Steering Committee, which Claude Poirier offered to chair. They met by 
teleconference every four months. They made a few improvements to the Glossary and drew the 
participation of a few partners to evaluate additional computer systems. Key editing and imputation 
papers were extracted from international journals and included in K-Base. John Charlton succeeded in 
negotiating with AMRADS (Accompanying Measures in Research and Development in Statistics) to host 
K-Base on http://amrads.jrc.cec.eu.int/ and Claude Poirier got direct access to maintain it.  

 
12. The steering committee continued to meet and make some improvements to the Glossary, but 
with the death of John Charlton in 2004 and with the chair, Claude Poirier, focusing on  other projects, 
the K-base started its hibernation.  

 
13. Steven Vale resurrected the Glossary in January 2008 and gave it a face lift. He was also 
responsible for putting K-Base into the full UNECE wiki version, see 
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www1.unece.org/stat/platform/display/kbase/Glossary.  However, no significant amount of work has 
been put into the Glossary since; instead, the Glossary became dormant until the desire to review it came 
about in the the 2009 UNECE Work Session on Statistical Data Editing in Neuchâtel. Statistics NZ 
offered to assist in the review. However, it was not until the beginning of 2012 that the review started to 
happen. 

 
 
III. The Current State of the Glossary 
 
17. The current Glossary has about 200 terms. It has grown modestly in relation to the original list in 
2000. Editing was relatively basic when the original list was developed. This section presents the range of 
editing concepts defined in the Glossary and the structure of the terms 
 
A. Range of concepts 

 
18. The concepts defined in the Glossary cover various aspects of the editing processes, including: 

(a) The basic components –  simple concepts used to develop methods and techniques. By 
their nature, basic components often appear in the definition of other glossary entries. Examples 
are: data item, imputation, and qualitative data.  
(b) Editing terms describing methods and techniques –  represent generic or specific 
algorithms to achieve editing or imputation tasks. Examples are: micro editing, selective editing, 
donor imputation, and nearest neighbour. 
(c) Editing approaches – approaches that drive the methods and techniques. Examples are: 
automated imputation, minimum change, and computer assisted interviewing. 
(d) Metadata for assessing the quality of editing processes. Examples are: editing flag, 
imputation flag.   
(e) Associated terms in collection, processing, and dissemination data impacted on by 
editing 
(f) Editing products or systems –  include practical implementations of methods and 
techniques. Examples are: NIM, Banff, StEPS, and CherryPi . Description should explain the key 
functions and context in which the system performs. This should also include the person(s) or the 
institute(s) that developed the system. 

 
B. The structure of a term in the Glossary 
 
19. Each term in the Glossary includes common components that provide a complete explanation to 
the users. The main elements of a term in the current version of the Glossary are: 
 the term itself in its regular form, with no abbreviation, unless it is known as an abbreviation or 

an acronym 
 a definition, possibly with several contexts in which the term applies 
 the detailed source of information, which  include a person, a group of people, an agency, key 

papers, books, Internet pages 
 an example, in some instances, to help readers in understanding the practical uses of the term 
 a list of related terms or synonyms that are contained elsewhere in the Glossary (Statistics Canada, 

2000). 
 

20. Some terms may have several definitions. This occurs when a term has various uses. In this case, 
the source of each definition is available to guide users.  

 
C. Use of the Glossary 
 
21.  The Glossary will help readers keep up-to-date with data editing and communicate successfully 
in sharing expertise and experience across national statistical offices. Both novices and experts will find 
the Glossary useful to understand data editing concepts that may be indispensable to data editing work.  
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IV. Review Work 
 
22. The Glossary’s purpose is to serve as a common basis language across national statistical offices, 
to facilitate communication in the field of statistical data editing. 
 
A. Objective of the review 
 
23. The impetus for the review came from recognising that, with recent developments in editing, new 
words have arrived, others have become obsolete, and the meaning of some terms has changed. The 
intention of the review was to ensure editing terms and definitions are kept up-to-date. The editing terms 
need to cover all types of data encountered in national statistical offices: sample survey, census, and 
administrative data.  
 
24. The review will need to identify obsolete terms and those whose definitions have changed. The 
work will also determine terms that need to be added.  
 
B. Principles of review 
 
25. Although some of these principles may seem obvious for editing experts, having them clearly 
stated can be very helpful when discussing possible approaches with people from different backgrounds.  
 
26. A core principle for retaining or including a term and definition is robustness. Given the intent of 
international adoption, a definition that is applicable and defensible under different scenarios and 
environments is needed (Australian Bureau of Statistics, 2012).  
 
27. Terms and definitions should be relevant to current and future envisioned state of editing.  
 
28.  Terms and definitions should be universally accepted.  
 
29. When a new term is to be added, rather than inventing a new definition for the term, suitable 
existing definitions should be used where possible. Where one term has differing but valid definitions 
from different sources, the prevalence and acceptance of these definitions is to be considered before one 
single definition is proposed (Australian Bureau of Statistics, 2012). 
 
29. Suggestions for terms to be added to and deleted from the Glossary will be evaluated against the 
criteria above.  
 
30. The original spirit and intended meaning of the terms are also being considered. Some existing 
definitions are interpretations of older definitions, which have departed from their original intention. In 
reviewing these, the spirit and intention of the terms is being considered and integrated into the proposed 
definitions. 

31. Terms identified by the ABS as key concepts need to be included in the Glossary.  

C. Process followed 
 
31. The review was carried out by members of the Editing and Imputation Methodology Network of 
Statistics NZ. The review started by evaluating the terms available in the original Glossary against the 
principles in the preceding sub-section. Review work was coordinated with the ABS’s drafting of their 
glossary of key concepts – to ensure a common glossary is maintained across statistical organisations. 
 
32. The following tasks were undertaken on the original Glossary. 
 Determine terms to be deleted and provide justification for doing so. 
 Determine terms that need changes in the definitions and provide justification for doing so. 
 Provide terms to be added, with suggested definitions. 
 
33. References used in search of new terms and definitions include: 
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 Eurostat’s Recommended Practices for Editing and Imputation in Cross-Sectional Business Surveys 
(RPM-EDIMBUS) (Luzi, O., Di Zio, M., Guarnera, U et al, 2007). 

 Editing guide from the ABS (Australian Bureau of Statistics, 2006). 
 Training materials from Statistics NZ (Statistics NZ, 2009). 
 Training material from Workshop on Editing and Imputation of Survey Data (Kovar, J. & Rancourt, 

R. (2001) 
 Functional description of the Banff system.. 

  

V. Recommendations  
 
34. This paper presents (in the appendixes) a draft of two lists of terms to be discussed and endorsed 
by participants in the work session. Appendix A provides recommended terms to be deleted, while 
Appendix B gives terms to be added. Comments, proposals, and modifications will be collated to update 
the terms provided in the appendixes. Where differing definitions need to be resolved, to arrive at a single 
definition, a team of experts will be identified to resolve the issue. Participants willing to review a final 
draft of the Glossary will need to be identified. 
 
35. A final draft that incorporates comments received from the work session and the team of experts 
will be developed. The final draft will be circulated for review, and once signed-off, the current Glossary 
will be updated – using this final draft as its basis. 
 
36. The Glossary will never be complete. It is expected that the Glossary will continue to be 
improved over time, so it is recommended that a regular review period and process be adopted. 
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Appendix A: Recommended terms to delete 
 

Term Reason 
Acceptance rule The definition fits an edit rule so if we want to standardise terms, we don’t 

need this term 
Active field Not in common use 
Analytical editing Covered by validity and consistency editing 
Automated data 
adjustments 

Replace by automated editing 

Automated data review Replace by automated editing 
Batch data review Out of date 
Check digit This is an example of a validity edit 
Checking rule The definition fits an edit rule so if we want to standardise terms, we 

would replace this with an edit rule 
Class attribute check Not in common use 
Code list 
List of code words 

The definition fits an acceptance region so if we want to standardise 
terms, we don’t need this term 

Code redundancy Not in common use 
Code space The definition fits an acceptance region so if we want to standardise 

terms, we don’t need this term 
Code structure validation 
Code structure check 

The definition fits a validity edit so if we want to standardise terms, we 
don’t need this term 

Complete set of conflict 
rules 

Unnecessary, just have conflict rules defined  

Consistency check The definition fits consistency edit so if we want to standardise terms, we 
don’t need this term 

Correction base Out of date – now referred to as donor pool 
Correction cycle Out of date 
Creative editing The definition fits manual editing so if we want to standardise terms, we 

don’t need this term 
Data checking The definition fits data editing so if we want to standardise terms, we 

don’t need this term 
Data correction 
Correction of errors in data 

The definition fits imputation so if we want to standardise terms, we don’t 
need this term 

Data imputation Duplicates imputation 
Data review 
Data checking 

The definition fits data editing so if we want to standardise terms, we 
don’t need this term. The presentation of the sub-items needs updating 
and to be presented as examples for micro and macro editing 

Data validation The definition fits data editing so if we want to standardise terms, we 
don’t need this term 

Data validation according 
to a list 

The definition fits data editing so if we want to standardise terms, we 
don’t need this term 

Detection of errors in data 
(Error detection) 

The definition fits data editing so if we want to standardise terms, we 
don’t need this term 

Deterministic checking 
rule 

The definition fits deterministic edit so if we want to standardise terms, 
we don’t need this term 

Editing bounds The definition fits acceptance region so if we want to standardise terms, 
we don’t need this term 

Editing matrix Not in common use 
Editing measure An ambiguous name for a term that we commonly refer to as a cut-off 

score or threshold 
Editing procedure This is simply what we call editing 
Editing rationality This is part of the editing strategy 
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Term Reason 
Error detecting character This is an example of a validity edit 
Error detecting characters 
check-digit 

This is an example of a validity edit 

Error detection The definition fits data editing so if we want to standardise terms, we don’t 
need this term 

Error statistics These all now come under quality indicators/measures 
Expert system Out of date 
Explicitly defined conflict 
rule 

This is consistency rule (a more concise name) 

Failed edit graph Out of date 
Fellegi-factor check Not in common use 
Formal edit An example for a consistency edit 
Functional check/Arithmetic 
edit 

An example for a consistency edit 

Generated (versions of) 
questionnaires 

Out of date 

Heads-down data entry Out of date 
Heads-up data entry Out of date 
Normal form of conflict rule Not in common use 
On-line correction Out of date 
Probabilistic checking rule Vague definition 
Substantial edit It refers to an edit rule from knowledge of the substance of the subject 

matter – no need to specify it 
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Appendix B: Recommended terms to define and re-define 
 

Term Source New definition 

Anomaly ABS, 2012  
Statistics NZ 

Data that differs significantly from expectations. 
Anomalies can occur either at the unit or aggregate level 
and are often caused by errors. 

Anticipated value RPM-EDIMBUS Used in score functions and is a prediction for the value 
that is expected in the actual survey. The prediction is 
usually based on the data of previous surveys or 
auxiliary information. 

Automatic editing ABS, 2012 
Statistics Canada 
Statistics NZ 

A method of detecting, resolving, and treating 
anomalous data through the use of computer programs 
and without human intervention.  

Average method for 
two periods 
imputation 

Statistics NZ This is an imputation method for continuous variables in 
a longitudinal survey with missing wave between two 
responding waves. The imputed value for the middle 
wave is the average value of the two responding periods 
on either side. 

Bias of an estimator RPM-EDIMBUS The difference between the expectation of the estimator 
and the true value of the parameter being estimated. 

CanCEIS 
(Canadian Census 
Edit and Imputation 
System) 

Statistics Canada An edit and imputation system that was developed by 
Statistics Canada. It is a PC-based software program 
written in C# to perform edit and imputation on census 
data. It was first used in the 2001 Canadian Census to 
perform hot deck imputation using NIM (see NIM in the 
Glossary). NIM performs minimum change, nearest-
neighbour imputation and can handle both numeric and 
categorical data. CanCEIS also performs deterministic 
imputation. CANCEIS is very fast and efficient, and is 
portable because it uses text files in a Windows or DOS 
environment. A more complete description is available 
in the CanCEIS evaluation page, on this site. 

Source: CanCEIS Development Team, Statistics Canada 
(asma.alavi@statcan.gc.ca) 

Carry over 
imputation 

Statistics NZ This is an imputation method for a longitudinal survey. 
The carry-over method can be used for non-respondents 
who have historical responding values. The imputed 
value is the same as the responding value in the previous 
wave. This is most appropriate for variables that don’t 
change over time, for example, to impute sex, date of 
birth, and ethnicity. 

Clerical amendment ABS A method of amendment applied manually. 
Cold deck 
(updated reference to 
correction base as 
donor pool) 

 A donor pool for which the elements are given before 
correction starts and do not change during correction. An 
example would be using prior year's data. A modified 
cold-deck may adjust cold-deck values according to 
(possibly aggregate) current information. 

Cold-deck imputation ABS Involves using previous survey data to amend items that 
fail edits. It may involve copying data from the previous 
survey cycle to the current cycle. One specific example 
of this type of imputation is Beta imputation, which 
involves estimating missing values by applying an 
imputed growth rate to the most recently reported data 
for these units, provided that data have been reported in 
either of the two previous periods. 
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Term Source New definition 
Composite 
imputation 

Statistics Canada When several imputation methods are used to impute a 
single variable of interest.  
See also: Mixed imputation 

Critical stream ABS, 2012 
Statistics NZ 

Contains the records that have a high risk of containing 
influential errors. Some records in the critical stream 
may need to be examined clerically (human 
intervention) to resolve and treat. In practice, the time 
and resource constraints of clerical editing may dictate 
the number of records placed in the critical stream.  

Cut-off value RPM-EDIMBUS In the context of score functions, a discriminating value 
leading to dividing the data flow into a critical and a 
non-critical stream, with respect to the applied score 
function. 

Deductive imputation RPM-EDIMBUS Performed when, given specific values of other fields, 
and based on a logical or mathematical reasoning, a 
unique set of values exists – causing the imputed record 
to satisfy all the edits (eg when items must sum to a total 
and only one item in the sum has to be imputed, then its 
value is uniquely determined by the values of the other 
items).  

Domain ABS A group of interest (eg level at which data is output). 
Donor RPM-EDIMBUS A record whose values (all or only a subset) are copied 

to the corresponding fields in a record (recipient) where 
these values are missing or inconsistent.  

Donor pool RPM-EDIMBUS The set of records that may be used as donors in donor 
imputation. The donor pool usually consists of records 
considered not erroneous, ie edit-passing records. 

Drill-down RPM-EDIMBUS An action where a possible error of a high-level 
aggregate detected during macro editing is investigated 
by focusing on lower-levels of aggregates and following 
the error down to individual observations (micro editing) 

Edit ABS, 2012 A check applied to data to detect anomalies – edits can 
be applied at both the unit (micro) and aggregate 
(macro) levels. 
See also: edit rule or checking rule. 

Editing ABS, 2012 
Statistics NZ 

An activity that involves assessing and understanding 
data, and the three phases of detection, resolving, and 
treating anomalies. Editing aims to ensure that data are 
fit for purpose by bringing them up to acceptable levels 
of accuracy and quality as efficiently as possible.  

Edit failure Statistics NZ An anomalous or suspicious value detected by an edit 
rule. 

Edit group Banff support team The set of variables and the edits that define the 
relationships to be satisfied by the variables. 

Edit rule ABS, 2012 
 

A condition or algorithm used to detect, and possibly 
prescribe treatment for, anomalous and erroneous data. 
Edit rules can be applied at unit or aggregate level.  

Editing strategy ABS Documentation that ensures editing is focused on 
producing a usable, fit-for-purpose dataset by taking 
account of its specific uses and quality requirements, and 
targeting anomalies that most affect the quality of the 
data. 

Error prevention Statistics NZ Processes put in place in the design phase of a survey 
that aim to eliminate or reduce errors which have a 
significant impact on the quality of a statistical output. 
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Term Source New definition 
Expectation ABS, 2012 A preconception about what the data will look like, 

either at unit or aggregate level. The term is not used in 
the strict mathematical sense. Expected values (also 
known as predicted or anticipated values) are numerical 
forms of expectations. 

Flag RPM-EDIMBUS Auxiliary variable resulting from error detection or from 
treatment, and indicating if an action has been performed 
(error detected, error treated). Usually a binary variable 
with the value 1 if the action has been performed and 0 
otherwise.  

GENESIS Statistics Canada A SAS-based system to conduct simulation studies 
under the presence of imputation. The system makes it 
possible to carry out simulation studies to test the 
performance of imputed estimators (and, in some cases, 
variance estimators) under different scenarios, as well as 
the performance of methods for constructing imputation 
classes (method by cross-classification and score 
method). 
 
Source: Statistics Canada (david.haziza@statcan.ca ) 

Group trend 
imputation method 

Statistics Canada Imputation rule where the missing value is replaced by 
the value declared at the previous occasion, but modified 
according to a group trend 

Hard edit RPM-EDIMBUS See fatal edit. 
 

Hierarchical hot deck 
method 

Statistics NZ This is a variant of the hot deck method that uses several 
auxiliary variables, in a specified order, to construct the 
imputation classes. The idea is that using the complete 
cross-classification of all the auxiliary variables results 
in a large number of imputation classes – large enough 
that often no donor can be found in the same class as a 
non-respondent requiring imputation. The method takes 
care of this by imputing what it can at the finest level 
first and then, if there are non-respondents still without 
imputed values, collapsing classes until a donor is found. 
The collapsing of classes happens in a structured 
(hierarchical) way that depends on the specified order of 
the auxiliary variables. 

Historical 
forward/backward 
method 

Statistics NZ This is an imputation method for continuous variables in 
a longitudinal survey if data from another wave is 
available, either the preceding or subsequent wave. The 
basic idea is that the respondent's data is carried forward 
or backward to impute for the missing wave. The 
imputed value need to take into account how similar 
respondents' values have changed over the same time 
period. 

Historical imputation Statistics Canada, 
2001 

Imputation rule where the missing value is replaced by 
the declared value at the previous occasion. 

Hot-deck 
(updated reference to 
correction base as 
donor pool) 

 A donor pool for which the elements are continuously 
updated during the data set check and correction. 
Typically edit-passing records from the current database 
are used in the donor pool. 
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Term Source New definition 
Imputation  
 

ABS, 2012 A method for treating missing, invalid or inconsistent 
data detected during editing. This is done by changing 
some of the responses or missing values to ensure the 
estimates are of high quality, and that a plausible, 
internally consistent record is created. It is considered 
separate to editing in some agencies, but it is nonetheless 
an essential component of the treatment phase of editing. 

Imputation cell (class) RPM-EDIMBUS A homogeneous subgroup formed from the dataset 
aimed at reducing the impact of non-response bias. 
Imputation cells are defined by using auxiliary variables, 
like stratification variables or variables used as 
publication domains, so the variables to be imputed are 
as homogeneous as possible within the cells. The choice 
of imputation cells corresponds to an implicit model for 
the variables to be imputed. Variables used to form the 
imputation cells must be known for all observations in 
the sample. 

Imputation with 
residuals 

Statistics Canada Imputation rule where the missing value is replaced by a 
predicted value to which a randomly selected residual is 
added.  

Influential error RPM-EDIMBUS In selective editing, an observation with a score above 
the cut-off value. 

Influential observation RPM-EDIMBUS An observation that has a large impact on a particular 
result of a survey. 

Input editing 
(Added an example) 

UNECE 
RPM-EDIMBUS 

Editing that is performed as data is input, eg during an 
interview. The editing may be part of the data entry 
process.  

Interactive editing 
 

RPM-EDIMBUS Computer aided manual editing after the data capturing 
process. Interactive editing is usually assisted by 
automatic editing. 

Invalid value RPM-EDIMBUS The value of a data item that is not an element of the set 
of permissible values or codes assigned to that data item. 

Item non-response RPM-EDIMBUS Occurs when a respondent provides some, but not all, 
the requested information, or if some of the reported 
information is not usable. 

Local score function RPM-EDIMBUS A score function for one variable. 
Logistic regression 
imputation 

Statistics Canada Imputation rule where the missing value is replaced by a 
value predicted using a logistic regression model based 
on the values of respondents. 

MAR (MR) RPM-EDIMBUS The non-response mechanism is random, conditional on 
the observed covariates. Therefore, imputation methods 
using the relevant observed covariates as auxiliary 
information can reduce non-response bias. This means 
that MAR is like simple random sampling within the 
classes determined by the relevant covariates. 

Macro edit ABS An edit applied to aggregated data. 
Macro editing  
 

ABS, 2012 Involves detecting anomalies by analysing aggregated 
data and/or the whole body of records, and the 
subsequent resolution and treatment of those anomalies. 
The latter processes may involve drilling down to micro-
level data. Macro editing also checks the external 
consistency, compatibility, and plausibility of estimates. 

Mass imputation Statistics Canada Imputation done on large blocks of missing data. This 
usually involves imputing for a large number of values 
of missing variables. 



 12 

Term Source New definition 
MCAR (MCR) RPM-EDIMBUS The missing data are said to be ‘missing completely at 

random’ if the fact that a certain item is missing does not 
depend on the missing item nor the observed data. This 
means that MCAR is like simple random sampling. No 
missing data adjustment is therefore needed, but 
assuming a MCAR non-response mechanism is quite 
unrealistic. 

Micro edit ABS An edit applied to unit record data. 
Micro editing  
 

ABS, 2012 Involves detecting anomalies by analysing unit record 
data, and the subsequent resolution and treatment of 
those anomalies. Micro editing checks the internal 
consistency, compatibility, and validity of individual 
units.  

Minimum change 
principle  

Statistics Canada Changing the fewest number of variables for a unit 
record to satisfy all edit rules. 

Missing values RPM-EDIMBUS Stem from questions the respondent did not answer. This 
can happen for several reasons – the respondent may not 
know the answer, may not be willing to respond, or may 
simply have missed a question. 

Mixed imputation  UNECE See also composite imputation. 
Multiple imputation RPM-EDIMBUS An observation with failing and/or missing values is 

imputed several times stochastically. Multiple 
imputation allows, under certain conditions, correct 
estimation of the variance due to imputation. This 
estimation is based on a combination of the within and 
the between variances of the multiply imputed data.  

NMAR RPM-EDIMBUS If the non-response mechanism depends on unobserved 
data, such as variables outside the survey or the target 
variable itself, it is said to be NMAR. In this instance, 
the non-response bias cannot be reduced by imputation 
as respondents and non-respondents differ from each 
other, even after conditioning on the covariates. For 
example, in a survey on income, if the households with 
relatively high and/or low income have more non-
response, there may be no way to reduce the resulting 
bias. 

Nearest neighbour 
imputation (NNI) 

RPM-EDIMBUS The donor is chosen in such a way that the distance 
between the donor and the recipient is minimised. NNI 
is a deterministic imputation method in its basic form, 
but can be made stochastic.  

Neural network 
 

Statistics NZ An (artificial) neural network is a mathematical 
representation of a network of nodes and links structured 
to perform parallel processing of input values – to 
produce a set of output values. For example, a neural 
network imputation can use values of clean previous 
survey data as input and output to guide the imputation 
of values in a dataset with missing values.  

Non-critical stream ABS, 2012 Contains the records that are unlikely to contain 
influential errors. These are either not edited or are 
edited automatically, depending on cost-benefit 
considerations. 

Non-representative 
outlier 

RPM-EDIMBUS These are either incorrect observations whose true 
values would not show up as outlying, or are unique (but 
correct value), in the sense that one should not 
extrapolate them to other observations in the population. 
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Term Source New definition 
Non-response RPM-EDIMBUS A form of non-observation present in most surveys. 

Non-response is a failure to obtain a measurement on 
one or more study variables for one or more elements 
selected for the survey. Non-response causes both an 
increase of variance, due to the decrease in the effective 
sample size and/or due to the use of imputation, and may 
cause bias if the non-respondents and respondents differ 
with respect to the characteristic of interest.  

Non-response bias ABS If non-responding units are systematically different to 
the responding units this will result in bias. 

Non-response error ABS Occurs when particular units are unable or unwilling to 
supply data, or cannot be contacted. 

Non-response 
mechanism 

RPM-EDIMBUS Terms related to the mechanism that guides the response 
behaviour are missing completely at random (MCAR), 
missing at random (MAR) and ‘not missing at random’ 
(NMAR). 

Over-editing 
 

RPM-EDIMBUS The share of resources and time dedicated to editing is 
not justified by the resulting improvements in data 
quality.  

Random donor 
imputation 

RPM-EDIMBUS The stochastic version of nearest neighbour imputation – 
usually performed by randomly choosing a donor from 
the donor pool with distance below a threshold.  

Random error RPM-EDIMBUS Errors that are not caused by a systematic reason, but by 
accident.  

Range edit RPM-EDIMBUS Verifies whether a data item value is in a previously 
specified interval.  

Ratio imputation Statistics NZ A special case of regression imputation where only one 
auxiliary variable is used in the regression equation and 
the regression line passes through the origin. 

Recipient RPM-EDIMBUS An observation with at least one missing or inconsistent 
value that will be imputed by donor imputation.  

Redundant edit Banff support team The edit that does not form part of the boundary of the 
acceptance region and therefore imposes no restriction 
on the acceptable values. 

Regression imputation Statistics Canada Imputation rule where the missing value is replaced by a 
value predicted using a regression model based on the 
values of the respondents. 

Representative outlier RPM-EDIMBUS Correct observations that may have similar units in the 
population. 

Resolution ABS, 2012 The second phase of the editing process. It involves 
determining the reason for anomalous data, whether it 
should be amended, and if so, how.  

Routing error Statistics NZ This occurs in questionnaires containing routing 
instructions. A routing error arises when an interviewer 
or respondent fails to follow a routing instruction, and a 
wrong path is taken through the questionnaire. 

Selective editing ABS, 2012 Can be applied to both micro and macro data. The 
procedure is most often applied at the unit record level – 
to divide detected anomalies into a critical and a non-
critical stream for possible clerical or manual resolution. 
By prioritising units for attention, selective editing leads 
to clear boundaries for clerical intervention and more 
efficient editing processes overall. 
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Term Source New definition 
SELEKT Statistics Sweden A selective editing tool developed at Statistics Sweden. 

SELEKT is written in SAS and has been designed to 
work on a number of different surveys. 

A more complete description is available in the 
SELEKT software page, on this site. 

Source: Statistics Sweden (jorgen.svensson@scb.se) 
SEVANI 
(A System for 
Estimation of 
Variance due to Non 
Response and 
Imputation) 

Statistics Canada A SAS-based system that can be used to estimate non-
response and imputation variance in a survey context 
when a domain total or mean is estimated. SEVANI is 
designed to function in a SAS v8 environment, either 
directly using the macros or through the graphical user 
interface.  
 
Variance estimation is based on the quasi-multi-phase 
framework, where non-response is viewed as additional 
phases of selection.  
 
These imputation methods are taken into account:  
 Auxiliary value (eg cold deck, carry-forward 

imputation)  
 Donor (eg nearest neighbour and hot deck) 
 Deterministic linear regression (eg mean imputation, 

ratio imputation) 
 Random linear regression (random hot deck). 
 
Source: Statistics Canada (jean-
francois.beaumont@statcan.ca or 
charles.mitchell@statcan.ca).  

Score function 
 

RPM-EDIMBUS A function assigning a score to an observation, which 
correlates well with the potential effect the observation 
may have on a predefined set of estimates (Latouche & 
Berthelot, 1992). Scores are calculated with the help of 
anticipated values for the data. Score functions are used 
in selective editing to prioritise observations for 
interactive treatment.  

Significance editing ABS A form of selective editing where prioritising data is 
based on estimating the impact of correcting the 
anomaly. This approach essentially focuses on detecting 
those anomalies that will have greatest impact on the 
statistical aggregates, and prioritising anomalies to be 
resolved. 

Simple imputation Statistics NZ Simple imputation occurs when only one imputation 
method is used to impute a single variable of interest.  

Single imputation Statistics NZ Single imputation occurs when only one value replaces a 
value to be imputed. 

Soft edit RPM-EDIMBUS See also: query edit 
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Term Source New definition 
Special treatment Statistics NZ Is a variation of winsorisation to treat a non-

representative outlier. The treatment involves reducing 
the weight of the outlier to indicate its uniqueness (or 
lack of representativeness) in the population. 
   
For example, say a sampled unit has a weight of 10. 
Then that unit is representing 10 units in the population 
(including itself). If that unit is found to be unique, we 
do not want it to represent the other 9 units, so we 
reduce its weight to 1 (usually). This has an effect of 
adjusting our overall estimate total. Note that in 
completely enumerated stratum or in a census, units will 
have a weight of 1 anyway, and so are not considered as 
candidates for special treatment.  
 
Special treatment is completed before estimates are 
calculated and released. 

Statistical edit (rule) ABS 
RPM-EDIMBUS 
UNECE Glossary 

A set of checks based on statistical analysis or treatment 
(eg ranking) of respondent data, eg the ratio of two fields 
lies between limits determined by a statistical analysis of 
that ratio – for presumed valid respondents. A statistical 
edit may incorporate cross-record checks, eg comparison 
of the value of an item in one record against a frequency 
distribution for that item for all records. A statistical edit 
may also use historical data on a firm-by-firm basis in a 
time-series modeling procedure. 
See also: query edit 

Stochastic imputation RPM-EDIMBUS 
Statistics NZ 
Statistics Canada 
UNECE Glossary 

An imputation rule where the imputed value contains a 
random component. Repetition of the imputation leads 
to a different result.  
See also: Probability imputation 

Structurally missing 
value 

RPM-EDIMBUS A special case of non-response arises due to filter 
questions that lead to unanswered questions in related 
parts of the questionnaire.  

Substitution Statistics NZ An imputation rule where a missing value is replaced 
either by using a replacement value from the field or 
simply with zero. 

Surprise outlier 
treatment 

ABS Generally, this technique is used to deal with a selected 
unit that is grossly extreme for a number of variables. 
The approach treats each outlier as if it were the only 
extreme unit in the stratum population. The outlier is 
given a weight of one, as if it had been selected in a 
completely enumerated stratum. As a result of the 
outlier's movement to the completely enumerated 
stratum, the weight for units in the outlier's selection 
stratum has to be recalculated, as the population and 
sample size have effectively been reduced by one. This 
has the effect that the other population units which 
would have been represented by the outlier are now 
represented by the average of the other units in the 
stratum. Therefore the choice of treatments for a 
suspected outlier using the surprise outlier approach are 
either for it to represent all of the units it would normally 
represent or to represent no units other than itself. It is 
preferable to set a maximum number of surprise outliers 
which can be identified in any one survey. 
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Term Source New definition 
Systematic error 
(Added an example) 

RPM-EDIMBUS A well-known systematic error is the so called unity 
measure error, eg values reported in individual euros 
instead of 1,000 euros.  

Top contributor  
method 

Statistics NZ A macro-editing method involving looking closely at the 
most significant or top contributors to level or domain 
estimates, movements, or standard errors. 

Treatment (of error) ABS, 2012 The third and final phase of the editing process. It 
involves determining how anomalies should be treated, 
and the subsequent application of that treatment. Note 
that confirming that data is correct and/or taking no 
action is a valid treatment.  

Unit non-response RPM-EDIMBUS Unit non-response is a complete failure to obtain data 
from a sample unit. The term encompasses many reasons 
for non-observation: ‘impossible to contact’, ‘not at 
home’, ‘unable to answer’, ‘incapacity’, ‘hard core 
refusal’, ‘inaccessible’, ‘unreturned questionnaire’, and 
others. In the first two cases, contact with the selected 
elements is never established.  

Unit response rate RPM-EDIMBUS Unweighted unit response rate and weighted unit 
response rate, as defined by EUROSTAT (see indicator 
D.38 and D.39). 

Unit-trend imputation Statistics Canada, 
2001 

Imputation rule where the missing value is replaced by 
the declared value at the previous occasion, but adjusted 
according to the trend of the unit. 

Unity measure error RPM-EDIMBUS RPM-EDIMBUS: This error occurs when respondents 
report the value of a variable in a wrong unity measure. 
For example, if total turnover is required to be reported 
in thousands of euros, but the amount is declared in 
individual euros.  

Unlinking 
  

Statistics NZ Involves removing unusual and significantly differing 
responding units, as well as those that cannot be used in 
the calculation of imputed values for non-respondents. 

Validity edit  Statistics NZ Checks if an answer is permissible, given expectations 
of the data. 

Wave nonresponse
   

Statistics NZ Wave nonresponse occurs in a longitudinal survey when 
a respondent fails to respond for one or more survey 
periods (waves) due to non-contact or other reasons. 

Weight adjustment to 
non-response 

Statistics NZ The process of redistributing the selection weights of the 
non-responding units across the responding units, 
inflating the weights of the respondents so that the 
respondents alone continue to reflect the size of the 
population. 

Weighting class Statistics NZ When treating non-response by weight adjustment, the 
selected units (both respondents and non-respondents) 
are first grouped into weighting classes according to 
characteristics that are related to their propensity to 
respond. The re-distribution of weights occurs within 
each weighting class.  

 


